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ABSTRACT 

 
The theme of this paper focuses on how the prominence of Venture Capitalists 

(VCs) continues to influence their affiliated start-ups in later stages of their corporate 
cycles, after the initial public offering (IPO).  One of the most apparent and interesting 
aspects concern their long-term stock performance post-IPO.  This paper asks whether 
prominent VCs are more successful in creating new public corporations than less 
prominent ones. Conventional wisdom and the current literature suggest that reputable 
VCs do bring about better performers. However, the evidence is clear only up to the 
time of IPO. In this paper, I investigate the relationship between VC-backed firms' 
long-run post-IPO performance and the prominence of their VCs. Two groups of 
proxies have been suggested: measures of experience and measures of perceived 
ability as indicated by VCs’ fundraising success. Using 5-year stock returns after IPO 
as a measure of success, I find that companies backed by more prominent VCs do not 
have superior performance in later stages of the corporate cycle.  Moreover, among 
IPOs with large market capitalizations and small book-to-market ratios, stocks of start-
ups backed by less prominent venture capitalists outperform those stocks of similar 
start-ups backed by more prominent VCs.  The results are similar both in cross-
sectional and the Fama-French three-factor models. 
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1 INTRODUCTION 

In the past few decades, many of the most successful and conspicuous young 

firms were nurtured by venture capitalists (VC)1.  But are prominent VCs more likely 

to bring about future industry leaders wielding lasting influence?  While Cisco was 

backed by Sequoia, a renowned VC in the technology sector, Microsoft was backed by 

a much lesser known VC.  Using 5-year stock returns after the IPO as a measure of 

long-run success, I investigate whether companies backed by more prominent VCs 

have superior performance in later stages of the corporate cycle. 

Over 300 billion dollars have been disbursed from almost 2,000 venture firms 

over the last decade2.  Venture Capitalists are a unique form of financial intermediary. 

Like other financial intermediaries, they provide funds.  In addition, they also provide 

management expertise, network access, and reputation (Gorman and Sahlman, 1989).  

Stevenson (2000) claims that the VC industry has reengineered the business model for 

creating new firms. Brav and Gompers (1997) show that VC-backed IPOs are more 

successful over the long-run, when returns are equally weighted.  

The current literature shows that VCs’ experience and ability make a 

difference up to the point of bringing new companies public. Limited partners 

investing with prominent VCs have enjoyed much greater returns on their investments 

                                                 

1 For example, Cisco, eBay, FedEx, Intel, and Microsoft. 
2 Source: National Venture Capital Association.  www.nvca.org.  I only investigate VCs established in 
the US. 
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than those who entrusted their money with less prominent ones (Kaplan and Schoar 

2004).  Stuart, Hong, and Hybels (1999) argue that more prominent VCs will plant 

better DNA into a start-up by providing high quality networks and business models 

which should result in superior performance later on. Stuart, Hong and Hybels (1999), 

Gulati and Higgins (2003b), and Hochberg, Ljungqvist, and Lu (2004) find that the 

more prominent or networked VCs enjoy greater IPO success.  My work directly 

extends this hypothesis: I investigate the relationship between the prominence of the 

lead VCs and their portfolio companies’ post-IPO success. 

Prominence cannot be measured directly. Therefore, several proxies have been 

suggested in this chapter: Number of years in business and number of prior deals can 

gauge the experience and the breadth of networks. Gompers and Lerner (1998) argue 

that a VC’s fund raising capability reflects investors' perception of its prominence and 

expertise. In my study, I employ measures from both groups. 

Similar to Brav and Gompers (1997), I use two methodologies for the analysis. 

The first is the standard cross-section regressions of 5-year buy-and-hold benchmark-

adjusted returns.  The second method is the calendar-time portfolio approach. Using 

Fama-French three-factor model, I perform the analysis to see if there are any monthly 

excess returns on the IPOs that were backed by more prominent VCs as compared to 

those that were backed by less prominent ones, after pairing the two groups of IPOs by 

various controls.  Both approaches yield very similar results. 
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On average, I do not find prominence of the VCs to have any effects on excess 

stock returns 5 years after IPO. To the contrary, I find that when less prominent VCs 

take public companies that have very high market valuations and great growth 

prospects (i.e. stocks with large market capitalizations and low book-to-market ratios 

at the time of IPO), these firms enjoy better long-run performance relative to IPOs 

taken public by more prominent VCs.  These findings are consistent with the view of 

behavioral finance that investors may undervalue the prospects of companies certified 

by less prominent VCs.  The relative underperformance of the IPOs backed by 

prominent VCs is in contrast both to the conventional wisdom and the pre-IPO 

evidence. 

Venture Capitalists’ Role in Creating New Companies 

As mentioned above, VCs become extensively involved in the businesses they 

finance. A lead VC will come in and perform thorough investigations of the company 

with the executives and key employees almost once a month on average (Gompers and 

Lerner 1999, Gorman and Sahlman, 1989).  In case the company gets into trouble, 

they may step in and take control of the day-to-day operations.  The VCs also actively 

engage in recruiting or even replacing key executive positions, along with the design 

of the company’s governance system.  They also provide strategic advice, industry 

networking, and technical expertise, either through other portfolio companies or 

industry connections that they have. As opposed to arm’s length investors at one 

extreme, VCs are believed to be the most relational type of investors at the other. 
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Short-run (Pre-IPO and IPO) Benefits of VC backing 

Numerous empirical studies have extensively documented the benefits of VCs 

involvement in early stages of start-ups.  Hellmann and Puri (1998) find that VCs are 

capable of shortening the time it takes a company to bring its product to the market.  

Kortum and Lerner (2000) find that the rate of patented inventions increased with 

higher levels of venture capital activities. Barry et al (1990) and Meggison and Weiss 

(1991) find that the information asymmetry problems are less severe for venture-

backed IPOs, resulting in a smaller degree of IPO underperformance of venture-

backed companies. Therefore, it is interesting to understand if these effects translate 

into persistently superior performance in the long-run.   

Long-run (Post-IPO) Benefits of VC backing 

Why should the effects of VCs’ investment activities persist over time?  

Kaplan and Stromberg (2002) show that VCs selectively choose their portfolio 

companies. The expertise that VCs seem to possess may allow them to better guess the 

direction and magnitude of technological change and consumer preferences.  VCs 

have experience with entrepreneurs and may therefore be better judges of management 

talent.  The nurturing and networking activities of VCs may implant superior routines 

and persistent network access. Consequently, we should see some trends in the long-

run that successful venture-backed companies eventually emerge into large public 

corporations.  On the other hand, the benefits of VC affiliations may fade after a firm 
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has been taken public, and venture-backed firms may just behave like any other 

companies post IPO. 

Brav and Gompers (1997) are the first to document persistent effects from 

venture affiliations by exploring the long-run stock abnormal returns between the VC-

backed and non-venture-backed firms.  They find that the returns, when equally 

weighted, of IPOs that were backed by VCs outperformed non-VC IPO returns within 

five-year period after the offerings.  However, the abnormal returns of the VC-backed 

firms are not present when the returns are weighted by the size of the IPO.  Hochberg 

(2003) also attempts to see the persistence of the effects of VC affiliations. She finds 

that IPOs that were venture backed have more effective governance and monitoring 

systems than the non-venture-backed firms. 

VC Heterogeneity 

The literature in economics and organizational behavior has explored how 

affiliations with prominent partners lead to performance differences in both short and 

long-run performance of a company.  Prior experience and network-access can be 

identified as economically important assets that can generate performance benefits for 

affiliated partners through a process of certification.  For example, Gulati and Higgins 

(2003a) find that affiliations with prominent partners are positively related to the 

prestige of the lead underwriters at the time of IPO, which in turn leads to greater IPO 
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success and better long-run performance (Carter, Dark, and Singh 1998, Gulati and 

Higgins 2003b). 

A few studies show how heterogeneity in VC prominence affects short-run 

performance of start-ups.  Stuart et al (1999) and Gulati and Higgins (2003b) argue 

that the benefits from being affiliated with the prominent VCs comes from the 

endorsement effects that the prominent VCs can provide for the young firms which 

possess no reputations.  More prestigious VCs certify these young firms to be in the 

“network” of higher quality partners, resulting in the higher success rate in the future.  

They find that the more prominent VCs a biotechnology firm is affiliated with, the 

faster the rate of going public and higher valuation they earn at the offering time.  

Hochberg, Ljungqvist, and Lu (2004) show similar results using more direct measures 

of the VC networks. 

Entrepreneurs also recognize the differences among VCs.  They are willing to 

give up their shares at lower price in order to be affiliated with more prominent VCs.  

Hsu (2003) shows that entrepreneurs are sensitive about the type of VCs they become 

affiliated with.  Based on both public and entrepreneurs’ assessment of VCs’ 

reputation, he finds that entrepreneurs are willing to pay a premium of 10-14% to 

become affiliated with more reputable VCs. 

VC Prominence and the Long-run Performance 

Evidently, the few studies that attempt to test the persistence of the venture 

prominence effects in the later stage of start-ups treat VCs as a homogenous group.  



 

 8 

On the other hand, studies on the heterogeneity of VC prominence do not investigate 

the effects into the later stage of the corporate cycle.  In view of the above, the main 

contribution of this chapter is to examine whether the affiliation with prominent VCs 

have any persistent effects on the long-run stock returns of the start-ups.  A 

comparative analysis of performance among the groups of companies that were 

backed by VCs of different quality could provide us with additional insights into the 

effects that venture backing may have on the creation of public firms. 

The chapter is organized as follows.  Section 2 describes the dataset used in the 

chapter.  It also includes further explanations of the definition of a lead VC, the 

choices of VC prominence proxies, and the summary statistics of different prominence 

proxies. Section 3 describes the results from the cross-sectional analysis.  Section 4 

explains the technique and results from the Fama-French three-factor model.  Section 

5 concludes. 

2 DATA 

Database Construction 

I constructed my dataset from two sources.  The first part of data was 

downloaded from Securities Data Corporation (SDC)’s Venture Expert database.  It 

contains a list of IPOs that were venture backed, IPO dates, along with the VC 

affiliation information.  Also, from Venture Expert database, I obtained the fund 

commitments and disbursement activities made by each of the VC firms in each year.  
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The database also identifies the affiliations between the company and the VCs in each 

investment round, starting from the first round.  Unfortunately, it does not report the 

investment share by VC firm in each round, but it reports the total dollar investment 

that each VC has made in the firm up to present.  

The second part of data comes from the Center for Research in Security Prices 

(CRSP) database.  Those firms that are listed as venture-backed IPOs in SDC must be 

listed on CRSP and COMPUSTAT at some point after their IPO date, with the CUSIP, 

names, and tickers matched on both sides.  All returns data, mergers activities, 

delisting information, and accounting information of all the companies are compiled 

from the CRSP and COMPUSTAT databases. 

My sample includes venture-backed firms that went public during the year 

1980-1998.  It excludes the firms that went public in 1960-1979 because SDC data on 

the venture financing prior to 1980 is incomplete. Firms that went IPO after 1998 are 

excluded as they are too young for the purpose of long-run analysis.  I also exclude 

those firms that are classified as foreign, American Depositor Receipts, Shares of 

Beneficial Interest, Units, Primes and Scores, Closed-end funds, Real Estate 

Investment Trusts and Leveraged Buyouts. 

Lead VC Investors, VC Prominence, and Hypotheses 

Lead VC Investors 

Before analyzing the effects of VC prominence on the portfolio companies’ 

performance, I identify which of the affiliated VCs is likely to have the most influence 
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on a company.  Before making a first-round investment decision, the lead VC always 

forms a syndicate.  Once a lead VC discovers a promising venture opportunity, they 

will send the business proposal of the company being considered to their peers.  

Evidence shows that VCs usually syndicate their first round investments. Lerner 

(1994) uses a sample of 271 investments in private biotechnology firms between 1978 

and 1989.  On average, he finds 2.2 venture partners in the first round financings. 

Lerner claims that prominent (in terms of age and size of the organization) VCs are 

less willing to syndicate with less seasoned partners for two reasons.  First, they 

mistrust the inexperienced investors’ judgment in making a sound investment choice.  

Second, more seasoned partners are more likely to provide better quality expertise and 

support for the new business.  Supporting his claims, he finds that: 1) VCs of the same 

prominence level tend to stick together in the first round of investment; 2) In later 

rounds, when it is no longer crucial to form a syndicate with equally seasoned 

partners, established VCs are more likely to join a syndicate with less experienced 

VCs; 3) In order to avoid the moral hazard problems in later rounds of investment, the 

lead VCs tend to maintain a constant fraction of ownership of the firm through 

financing stages. 

The usefulness of the results from Lerner (1994) for my study is twofold.  

First, it provides further evidence on how VCs put serious emphasis on quality of peer 

investors who are engaged in the first round investment activities.  Second, due to the 

limited information in the dataset, it is reasonable to define a lead VC to be a first-
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round investor with the largest “total” investment in the company3 .  This way, I 

encompass lead VCs that have been with the firm the longest, with the largest stake in 

place, having the largest opportunity to contribute to the creation of new public firms. 

In order to capture any effects of the affiliations, it seems reasonable to use the 

characteristics of these lead VCs. 

VC Prominence 

I construct two groups of proxies for VC prominence.  The first group is aimed 

to measure the level of experience that VCs have.  The second group is aimed to 

measure how the most informed group of investors perceived the VCs’ ability, which 

should be reflected in the fundraising capability of the VCs.   

A. Investment Experience 

More experience could mean that VCs have acquired more expertise and 

resources needed to promote successful development of startups.  According to Stuart 

et al (1999) and Hochberg, Ljungqvist, and Lu (2004), as VCs engage in more 

investment activities over time, VCs extend their strategic, information, and social 

networks.  Each additional year in business or an additional company invested in 

allows VCs to establish more contacts, or simply gain insights into how to 

strategically position and structure young companies.  Hence, they may be able to 

influence their portfolio companies to have superior performance in the long-run. 

                                                 

3 If total investment data are not available, the average of the measures for all first-round investors is 
used.  The exception is in the cases of D2 where, if a single lead VC cannot be identified, I designate 
the VC with the maximum number of previous IPOs to be the lead VC. 
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Since VC experience proxies have cumulative characteristics, the same VC 

firm will have different characteristics over time.  I therefore measure VC experience 

level at the IPO time of the corresponding portfolio company.  The experience 

measures include: 

• Number of Companies (Reported as D1)– defined as number of all portfolio 

companies that the lead VC has managed up to the IPO time of the portfolio 

company 

• Total IPOs (Reported as D2) – defined as the total number of IPOs the lead 

VC has taken public up to the IPO year of the portfolio company 

• Age
4 (Results not reported)– defined as the number of years the lead VC has 

been in business from the first year the VC reported investment or fundraising 

activity until the time the portfolio company goes public 

• Disbursed Capital (Results not reported) – defined as the total dollars (in 1984 

value) disbursed by the VC to all of its portfolio companies up to the IPO year 

the portfolio company goes public 

                                                 

4 The VC founding dates in SDC are sometimes reported as the founding date of the parent company, 
not the actual founding date of the private equity company itself (e.g Goldman Sachs founding date is in 
the 1800s.)  Therefore, I define the founding date to be January first of the year the disbursement data 
become available.  If the disbursement data is not available or is after the year that the first available 
fund-raising data become available, I use the January first of the year the fund-raising data become 
available as a founding date. 
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• Total IPOs in SIC Group
5(Results not reported) – defined as the total number 

of IPOs in the same industrial sector as the portfolio company that the lead VC 

has taken public before 

It is important to note that these proxies may be ineffective in truly measuring the 

actual experience of the VCs.  If new VC firms are likely to be founded by 

experienced general partners from older and established ones, then the young VCs 

may not be inexperienced.  Therefore, my results will be biased away from seeing the 

difference in performance between the more and less experienced groups. 

B. Perceived ability 

The perception that investors have of the ability of the VCs should also be an effective 

measure of prominence.  Investors in a venture fund are limited partners, not allowed 

to engage in depth in the investment activities by the fund managers.  Therefore, 

before putting in the capital, investors pay close attention to the past success of the 

VCs.  Furthermore, existing investors from previous funds of a VC company and 

prospective investors usually have access to information about the VC’s past 

performance that may not be publicly available. 

Most venture capital funds have predefined lifetimes, averaging ten years.  

VCs typically invest all their capital in the first half of the fund life and reap 

                                                 

5 The industrial group follows Fama-French’s classification of the SIC codes into twelve groups which 
include: 1) Non-durables; 2) Durables; 3) Manufacturing; 4) Energy; 5) Chemicals; 6) Business 
Electronics Equipment; 7) Telecom; 8) Utilities; 9) Shops; 10) Healthcare; 11) Finance; 12) Everything 
else. 
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investment returns in the second half in order to distribute proceeds to investors.  

Therefore, VCs usually try to raise a new fund before their money runs out at the end 

of 5 years in order to remain active.  On average VCs have two or three overlapping 

funds under management.  Each consecutive fund is raised within three to six years 

after the previous one. 

Gompers (1996) finds that the investors’ perception of the VCs ability directly 

affects the capital raising capability, consistent with conventional wisdom: 

“When Greylock Management Company, one of the nation’s oldest and most 

prestigious firms, began their eighth venture fund early in 1994, they collected 

more than $175 million in only a few months ($150 had originally been 

targeted).  All of the investors in Grelock’s new fund were previous Greylock 

investors. 

 

[On the contrary] Hummer Winblad Venture Partners formed its first venture 

capital fund in 1989.  When Hummer Winblad tried to raise a second fund in 

1992, it found it extremely difficult to attract investors despite nearly a half-

year of marketing…” 

 

The data relating fundraising success of a venture firm will be used to measure the 

perceived ability of the VCs by the investors.  They include:  
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• Capital Raised (Reported as P1) – defined as the cumulative dollars6 raised by 

the VC from the VC founding date up to the IPO time of the portfolio company 

• 5-Year (and 10-Year) Fund Raising Ability
7 (Reported as P2) -- defined as 










IPO prior to years) 10(or  years 5past  in theindustry  VC by the raised dollars Total

IPO prior to years) 10(or  years 5past  in the VC by the raised Dollars
 

All dollar figures are 1984 dollars.  The first two proxies are the absolute 

measures of VCs fundraising ability.  The last two try to control for the capital 

influx into the VC industry after 1980s, so relative measures are used.  If a VC 

has a good track record in recent years (5 and 10), it should be able to attract 

more capital than other VCs for their follow-on funds.  Table 1 Panel B reports 

the summary statistics for VC prominence proxies for the IPOs in my sample.  

• Number of Funds (Results not reported) – defined as the total number of 

funds that have been managed by the VC up to the IPO time of the portfolio 

company 

 

                                                 

6 All raised capital is also in 1984 dollars. 

7 Once a VC starts reporting fundraising data, those years thereafter that no fundraising were reported 
were included as not having any capital raised. 
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3 CROSS-SECTION ANALYSIS 

After screening the IPOs according to the inclusion criteria in section 2, I have 

1,277 observations.  Tracking of the returns commences 7 days after the IPO date.  

This delay is to avoid the IPO effects. All stocks in my sample get listed within 7 days 

after the IPO date.  Each stock’s returns are compounded up to the end of the holding 

period T (5 years, defined as 1825 days after the IPO date) or until the stock is 

delisted, whichever comes first.  The 5-year buy-and-hold return for firm i is defined 

as: 

∏
=

+=
),5min(

7

,, )1(
delisttyrs

dayst

tiTi rR  

where ri,t is defined as stock i’s return on day t (adjusted for splits and all 

distributions).  

In a similar fashion, I construct compounded returns of two benchmark 

portfolios.  The first one is constructed from the value weighted index of all stocks 

listed on NYSE, AMEX, and NASDAQ (NAN).  The second benchmark is 

constructed from all stocks listed in CRSP, excluding those classified as foreign, 

American Depositor Receipts, Shares of Beneficial Interest, Units, Primes and Scores, 

Closed-end funds, Real Estate Investment Trusts and Leveraged Buyouts.  At the end 

of each June, I formed 25 (5x5) value-weighted portfolios of these stocks according to 

their ratios of book equity to market equity (BE/ME) ratio and their market 
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capitalization (ME), using the quintile breakpoints as defined by Fama and French 

(1993)8 in each dimension.  Each stock in my sample, is then matched, by its BE/ME 

and ME, to the portfolio that has the closest intersection of the BE/ME and ME 

quintiles.  For both benchmarks, the buy-and-hold returns of the benchmark for stock i 

is defined as: 

∏
=

+=
),5min(

7

,, )1(
delist

ii

tyrs

dayst

tpTP rR  

where r,pi,t is defined as the return on benchmark portfolio for stock i on day t. 

As a common problem in any long-run performance studies, the buy-and-hold 

returns of my sample suffer from negative skewness, which could lead to biased 

results.  Therefore, I take the natural logarithm of the benchmark adjusted returns. My 

dependent variable is thus defined as: 












+

+
=
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,
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1

1
log  

I then use the following model of cross-section regressions: 

iiiiiadjustedR εββββ ++++= ControlssticsCharacteriFirm10, 32ceVCProminen  

(1) 

As some of the IPOs do not have reported book-equity data within one year of 

IPO, only 1,246 stocks can be matched by BE/ME characteristics.  Also, I exclude 

                                                 

8 Downloaded from http://mba.tuck.dartmouth.edu/pages/faculty/ken.french/data_library.html 
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stocks that have negative book-to-market ratios.  Table 1 Panel A reports the return 

characteristics of the companies that are included in my sample under both 

benchmarks.  Table 1 Panel C reports the IPO characteristics that are used as controls 

in my cross-section regressions.  With the exception of dummy variables and the 

underwriter reputation, I take the natural log of all other independent variables used in 

the model, including all the prominence proxies. Table 2 and 3 provide the results for 

the standard ordinary least square regressions using returns adjusted by benchmarks 

NAN and the 5x5 portfolios respectively.  In both Tables 2 and 3, the coefficients of 

all 9 prominence proxies are qualitatively very similar.  I report the estimates by only 

one set of prominence proxy in each case9. 

Baseline case 

Column 1 of Tables 2 and 3 report the baseline regression.  The coefficient of 

age (NOT REPORTED)10 is not statistically significantly different from zero.  All 

other prominence proxies yield similar results.  I do not find that any of the VC 

Prominence proxies has any effect on the long-run performance of the IPOs in this 

baseline case. 

Yearly Cohorts 

Previous studies find that returns of the stocks that go public around the same 

time are highly correlated. Regressions in column 2 include 18 dummies for IPO years 

                                                 

9 The results for all other cases are available from the author on request. 
10 All prominence measures included in the regressions are the natural log values of prominence. 
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1980 to 1997.  Each dummy variable takes value zero, unless the company goes public 

in that year, in which case the dummy takes value one.  Most of the coefficients of the 

IPO year dummies, not reported here, are significant as expected.  I report only one set 

of regression coefficients, using the total number of portfolio companies invested by 

the VC (D1).  Again, after controlling for the yearly cohorts, none of the prominence 

proxies contributes to explain the long-run returns of these companies. 

Underwriter Reputation 

Column 3 controls for the reputation of the lead underwriter at the time of 

IPO11.  Carter, Dark, and Singh (1998) find that IPOs taken public by more reputable 

underwriters suffer less severe underperformance of the three-year buy-and-hold 

returns.  I report the coefficients of the regression with total disbursed capital (NOT 

REPORTED) as a proxy for prominence.  Almost all coefficients of the underwriter 

reputation are positive and marginally significant at the 15 percent level, but did not 

change the effect of any VC prominence proxy on the IPO performance. 

Mergers and Acquisitions 

As shown in Table 1 Panel D, 295 IPOs that are backed by VCs get acquired 

within 5 years of IPO.  I include a dummy, equal to one if a firm is delisted with the 

code 200 in CRSP within 5 years after IPO.  In column 4, I report the estimates using 

the total number of IPOs taken public by the lead VC before the IPO date (D2) as a 

                                                 

11 I thank Arik Ben Dor for his underwriter reputation data. 
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proxy of the prominence.  The control for mergers and acquisitions does not affect 1β  

under any choice of proxy.  However, the coefficient of the M&A dummy is positive 

and significant, suggesting that M&A activities are concentrated among companies 

that are better performers. 

Age of Company at IPO 

The age of the portfolio company at the time of IPO is also used as a control.  This is 

because young VCs without previous track records may have the incentive to 

grandstand by taking young companies public prematurely (Gompers 1996).  I report 

the regression using the total number of IPOs taken public in the same SIC group 

(NOT REPORTED) as a prominence proxy. The coefficient of the company age is 

positive but statistically insignificant.  However, it does not change the pattern of the 

results in how prominent VCs affect the long-run returns. 

Internet Stocks 

There are 27 internet companies as classified by the data downloaded from Jay 

Ritter’s website.  A dummy for internet stock is introduced if an IPO is classified as an 

internet company12 in column 6.  In this case, I report the estimates using the number 

of funds previously managed by the VC (NOT REPORTED) as a prominence proxy.  

The internet stock dummy does not have any effects on how VC prominence affects 

the long-term buy-and-hold returns of the company.  However, contrary to the general 

                                                 

12 PERMNOs of all internet IPOs are downloaded from http://bear.cba.ufl.edu/ritter/ipodata.htm. 
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view that internet IPOs later performed badly due to the e-commerce over-hype in the 

late 90s, the coefficients of internet stocks that were venture-backed are all positive 

and significant.  This result suggests that we should further investigate whether VC 

prominence has any effects in any particular industry. 

Industrial Sector 

Gompers and Lerner (1999) show that venture-backed investments are focused 

in two industry sectors: Business Electronics (SIC6) and Healthcare (SIC10)13.  In my 

sample, IPOs in these two sectors account for approximately forty-five and twenty-

two percent respectively.  Since superior performance seems to be correlated with 

internet firms, it is important to further test whether VC prominence has any persistent 

effects on the performance in any particular sector.  Therefore, I include 11 dummies 

for the SIC groups as defined earlier.  The regression results using cumulative raised 

capital (P1) as a prominence proxy are reported in column 7.  Controlling for 

industrial sector does not have any effects on 1β .  

Furthermore, I test if the VC prominence has any effects among firms within 

the SIC6 and SIC10 groups.  To do so, in column 8, I only include IPOs from SIC6 

group. I report the coefficients of the regression using the 5-yr fund raising ability (P2) 

as a proxy of prominence.  This is the only proxy that is statistically significant at 15% 

confidence level using NAN benchmark and is significant at 10% level in case of 

                                                 

13 The SIC group distribution is reported in Table1D 
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using 5x5 portfolio benchmark.  According to the regression results using 5x5 

portfolio benchmark, one standard deviation increase in the log of the 5-year 

fundraising ability decreases the dependent variable by 0.0717, which in turn can be 

interpreted as a 7.4% decrease in the ratio of 
TP

Ti

i
R

R

,

,

1

1

+

+  where RP,T is the 5x5 portfolio 

benchmark returns14. 

In column 9, only IPOs from SIC10 group are included. In most cases, the 

1β coefficients are not significantly different from zero. One proxy is an exception.  

The coefficients of the number of previously managed funds (NOT REPORTED) have 

strong negative economic and statistical significance.  A standard deviation increase in 

the number of previously managed funds leads to an 8.7% decrease in the ratio of 

TP

Ti

i
R

R

,

,

1

1

+

+  where RP,T is the NAN benchmark returns. 

Note that I find that VC prominence proxies in the Perceived Ability Group 

(P1-P2) consistently have negative coefficients on 5-year buy-and-hold returns, 

regardless of the benchmark.  There seems to be some indication that VCs that are 

more capital restricted  may have better stock returns, in line with previous evidence 

on “money chasing deals” (Gompers and Lerner, 2000). 

Effects of Book-to-market Ratios and Market Capitalization 

                                                 

14 The ratio can also be interpreted as a modified wealth relative, as known in finance literature.  That 
means, relative to the benchmark returns, how well the buy-and-hold return of that security performs. 
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Although the two benchmarks yield consistently similar results in Tables 2 and 

2B and throughout the rest of this chapter, it is interesting to note how each 

benchmark results in different coefficients of the book-to-market ratio and the market 

capitalization in columns 1 to 6.  Under the NAN benchmark, the coefficients of the 

market capitalization in Table 2 are positive and significant.   Book-to-market ratios 

however, have negative effects on the returns, but not strongly significant.  That 

means venture-backed IPOs experience a returns pattern that is the opposite of the 

results by Fama and French (1992) who find that smaller stocks with high book-to-

market yield higher returns. 

After adjusting the buy-and-hold returns by the 5x5 portfolio benchmark in 

Table 3, the coefficients of book-to-market returns become more negative and very 

significant.  Given that benchmark stocks with high book-to-market yield higher 

returns, the increase in both economic impact (more negative coefficients) and 

statistical significance of the book-to-market ratios is as expected.  The coefficients of 

the market capitalization, however, become near zero and insignificant under the 5x5 

portfolio benchmark.  This is in line with evidence by Brav and Gompers (1997) who 

document that very small stocks tend to yield lower returns, and VC-backed IPOs tend 

to be very small in size. 

VC Prominence and Underperformance of Large Glamorous Stocks 

Although Brav and Gompers (1997) document that very small and low book-

to-market IPOs tend to perform poorly, they also find that small and low book-to-
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market VC-backed IPOs do not underperform.  This evidence leads me to further 

investigate whether the VC prominence has any effects on stocks that have different 

values of market capitalization and book-to-market ratios. 

Therefore, I rank the IPOs by the market capitalization (in constant 1984 

dollars) and the book-to-market ratios at the time of IPO.  Consistently, I find a clear 

trend that VC prominence has a negative effect on the stocks in the subsample that has 

very large market capitalization with low book-to-market ratios.  Large and glamorous 

(small book-to-market) IPOs that have been taken public by the more prominent VCs 

suffer from underperformance when compared to similar stocks taken public by less 

prominent VCs.  Tables 4-7 report the results of the cross-section regressions using 

only 5x5 portfolio benchmarks.  Benchmarking against NAN yields very similar 

results and are therefore not reported here. 

Starting with the full sample, I report the regression coefficients in Table 4.  

Coefficients of all prominent proxies D1-P2 are reported in columns 1-4 respectively. 

Consistent with Table 3, the coefficients of all nine prominence proxies are not 

significantly different from zero, suggesting that the VC prominence has no effects on 

the long-term performance. 

In Table 5, I limit the analysis to the subsample of IPOs that have market 

capitalizations above the median value and book-to-market ratios that are below the 

median.  In this sample, the coefficients of prominence our measures become smaller 

with an exception of measure D1.  Measures P1 and P2 which originally yield 
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negative coefficients in Table 4, have more negative coefficients with higher statistical 

significance.  However, none of the coefficients are significant at the 10% confidence 

level. 

In Table 6, I include only IPOs that have market capitalizations in the largest 

tercile and the book-to-market ratios in the smallest tercile.  Now the coefficients of all 

nine prominence proxies are negative, with the D2 coefficients statistically significant 

at 5% confidence; and P1 at 1%. 

In Table 7, the subsample contains only IPOs that are in the largest size-

quartile and the smallest book-to-market-quartile.  All negative coefficients of the 

proxies becomes larger in magnitude and are of higher statistical significance (with an 

exception of D1).  Seven out of nine prominence proxies have negative and 

statistically significant coefficients, with two of them significant at the 1% confidence 

level. 

The summary statistics for each subsample are reported in Tables 8 – 10 

respectively.  The results in Table 7 can be interpreted as follows.  For example, 

among all the IPOs that are large and glamorous, one standard deviation increase in 

the log of the number of IPOs that VCs have taken public (D2) results in a decrease of 

0.175 in the dependent variable, which translates into a 19.1% decrease in the 

performance ratio of 
TP

Ti

i
R

R

,

,

1

1

+

+  where RP,T is the 5x5 portfolio benchmark returns.  Note 

that it does not mean that these large glamorous IPOs that are taken public by the more 
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prominent VCs underperform the 5x5 portfolio benchmark, but they simply have 

lower relative performance when comparing to IPOs that were taken public by less 

prominent VCs.  Table 10 suggests that the median performance ratio of this 

subsample is at 1.25, which means that these stocks mostly outperform the benchmark.  

However, stocks that have been taken public by more prominent VCs are likely to 

have lower values of this performance ratio ceteris paribus. 

Financial economists often criticize that this cross-section methodology does 

not fully incorporate the cross-section dependence of the buy-and-hold excess returns 

that overlap in calendar time, so this event-time study tends to have biased results.  

Therefore, in the next section, I will employ the calendar-time portfolio approach to 

answer the same set of questions. 

4 TIME SERIES ANALYSIS 

In order to address the potential bias resulting from cross-sectional 

correlations, I construct monthly portfolio returns using a strategy to buy (long) IPOs 

that were affiliated with prominent VCs, and sell (short) equal an dollar amount of 

IPOs that were affiliated with less prominent VCs.  However, one needs to control for 

three important characteristics of the IPOs, which are the sources of cross-sectional 

correlations (Fama and French 1992).  First, we must control for size -- small cap 

stocks tend to perform better than large cap stocks. Second, we must also control for 

book-to-market ratio -- high book-to-market stocks tend to perform better than low 
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book-to-market stocks.  Last, we must control for the timing of the IPOs because 

stocks that go public around the same time have correlated returns.  Therefore, each 

IPO that has been taken public by a prominent VC will be matched to another IPO 

affiliated with a less prominent VC by these three characteristics. 

Matching Methodology and Portfolio Formation 

The basic idea is to split the sample of firms along the prominence proxy of 

interest into upper and lower halves – for example firms backed by older VCs and 

firms backed by younger VCs.  For each firm Ui from the upper half (i.e. IPOs 

affiliated with more prominent VCs), we find matching firms Li from the lower half 

(i.e. IPOs affiliated with less prominent VCs) which possess sufficiently close market 

cap, book to market and IPO date to those of Ui.  The detailed matching technique is 

described in the appendix. 

Once I have identified possible matches for all stocks in the upper half, I start 

to include the matched pairs in my monthly portfolios starting in the first month that 

both firms become listed.  Each matched pair is included in the portfolio every month 

up until the time that Ui becomes delisted or has reached 5 years of age, whichever 

comes first.  In the case that the best matched (Li1) becomes delisted before the end of 

the holding period for Ui, the next best matched (Li2) will substitute the short position 

in the remaining monthly portfolios. 

After the matching, I form two portfolios, PU and PL, where PU is equally 

weighted long positions in firms from the upper half (more prominent VC) and PL is 
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equally weighted short positions in firms from the lower half (less prominent VC).  

Since we include all IPOs in 1980 to 1998, and each pair of IPOs can be held in the 

monthly portfolio for up to five years, I obtain a time series of monthly portfolio 

returns commencing January 1980 and ending December 2003. 

The Three-Factor Model 

Fama and French (1993) show that their three-factor model may better explain 

the cross-section of stock returns.  Their three factors15 include: 1) (rMkt,t – rf,t) which is 

the excess return of the market portfolio over the risk-free return in month t; 2) SMBt 

which is the excess return on a portfolio of small stocks over the return on a portfolio 

of large stocks in month t; 3) HMLt which is the excess return on a portfolio of high 

book-to-market stocks over the return on a portfolio of low book-to-market stocks in 

month t.  The time-series regression of the three-factor model is of the form: 

ttttfMkttP SMBHMLrrr εβββα +++−+= 32,1, )(  (2) 

where rP,t is the returns on the portfolio of interest. 

In my case, rP,t = rPU,t  - rPL,t : the excess returns of the portfolios formed by a 

long position in PU and the short position in PL.  The intercept in these regressions can 

be interpreted as Jensen’s alpha in the Capital Asset Pricing Model (CAPM), which is 

an indicator of the risk-adjusted relative performance of the IPOs affiliated with 

prominent VCs over the performance of the IPOs affiliated with less prominent VCs. 

                                                 

15 All monthly factors are downloaded from http://mba.tuck.dartmouth.edu/pages/faculty/ken.french 
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Time-series Results 

Table 11 Panel A reports the results of the 3-factor model.  In columns 1-9, I 

split the sample of firms along the prominence proxies D1-P2 respectively.  The 

Jensen’s alphas for all prominence measures, with exception of P1, show that we 

cannot reject the null that there are no performance differences between the high 

prominence and low prominence group.  These results are in line with the cross-

section results in section 3. 

The results in columns 3 and 7 are in contrast to previous results in section 3.  

The intercepts of the regressions by total dollars disbursed (NOT REPORTED) and 

the total dollars raised (P1) show that these two prominence proxies have large and 

positive effects on the returns.  At 10% confidence level, a firm which has been taken 

public by a VC with the total dollars raised in the upper half are likely to have monthly 

returns 1.23% higher than a comparable firm which has been taken public by a VC 

with the total dollars raised in the lower half. 

However, these discrepancies may be driven by two potential biases.  First, it 

is due to the potential bias in the cross-section event-time approach.  If the cross-

section correlations were not properly adjusted for in the previous section, the results 

in section 3 may not have shown any positive effects of the VC prominence as they 

should have.  The second bias could have come from the potential disadvantage of the 

3-factor model.  Since monthly portfolio returns are weighed equally, the few IPOs in 

some years get the same weights as many IPOs in other years.  Therefore, if both 
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prominence and performance are correlated to the number of IPOs in the year, we may 

observe some biased results. 

Underperformance of Large and Glamorous Stocks 

The trend of underperformance of IPOs that have very large market 

capitalizations and low book-to-market ratios is, however, more robust.  In Table 11 

Panels B-D, I limit the subsample to IPOs that are larger and more glamorous.  In 

Panel B, I only keep IPOs that have market capitalization (in constant dollars) above 

the median value and book-to-market ratio below the median.  The Jensen’s alphas of 

all prominence proxies are not statistically different from zero.  Although we do not 

yet see a clear trend that the intercepts become smaller with respect to each proxy, the 

positive effects in proxy P1 have clearly disappeared.  It is consistent with the cross-

section results of the same subsample that none of the prominence proxies has any 

effects on the returns. 

Next, I limit the subsample to stocks in the largest market cap tercile and 

lowest book-to-market tercile in Panel C.  Here we consistently see that the Jensen’s 

alphas of all nine regressions become smaller, with eight of them having negative 

values.  Although only 5-year fundraising ability (P2) has statistically significant 

alpha, there seems to be a trend that the relative performance of IPOs taken public by 

more prominent VCs is lower. 

Last, in Panel D, I limit the subsample to stocks in the largest market cap 

quartile and the lowest book-to-market quartile.  The intercepts in all nine columns 
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become negative and larger in magnitude.  The intercept for proxy P2 is significant at 

10% confidence level; 5% for proxies D2 and P1; and 1% for proxy D1.  Using the 

number of portfolio company (D1) as a prominence proxy, a large and glamorous IPO 

taken public by a VC with D1 above the median is expected to have monthly returns 

that are 1.74% lower than a comparable IPO backed by VCs with D1 in the lower half. 

Previously in section 3, I establish that these large and glamorous stocks with 

more prominent VCs do not underperform the benchmark returns on average, rather, it 

is just an underperformance relative to comparable IPOs affiliated with less prominent 

VCs.  Table 12 shows similar evidence with the same smallest subsample which 

includes stocks with the largest market cap quartile and the lowest book-to-market 

quartile.  Panel A reports the coefficients of the three-factor model with the rP,t = rPU,t  

- rf,t : the excess returns of the portfolios formed by a long position in PU and the short 

position in risk-free assets.  The Jensen’s alphas in all columns in Panel A are not 

significantly different from zero, which can be interpreted as zero risk-adjusted returns 

of stocks that were affiliated with more prominent VCs. 

Panel B reports the coefficients of the three-factor model with rP,t = rPL,t  - rf,t : 

the excess returns of the portfolios formed by a long position in PL and the short 

position in risk-free assets.  All nine intercepts are positive and seven of them are 

statistically significant.  That means IPOs taken public by VCs of lower prominence 

have positive risk-adjusted returns.  Panel C reports the same coefficients as in Table 

11 Panel D.   
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From these results, I can draw a similar conclusion as in section 3 that large 

and glamorous stocks taken public by prominent VCs do not suffer risk-adjusted 

underperformance.  However, the large and glamorous stocks that were taken public 

by the less prominent VCs enjoy greater risk-adjusted performance.  

5 CONCLUSION 

Short-run evidence and conventional wisdom suggest that VCs with greater 

prior experience and higher ability as perceived by their limited partners outperform 

others at bringing about better performers.   After investigating the 5-year stock 

returns of 1,288 venture-backed companies that went public between 1980 and 1998, I 

find that the prominence level of the lead venture capitalists affiliated with the 

companies do not have any clear positive effects on their long-term performance. 

The long-run performance of very large and glamorous stocks taken public by 

prominent VCs further contradicts the conventional wisdom and the short-run 

evidence.  My results show that among IPOs with similarly large market valuations 

and small book-to-market ratios, the stocks that were taken public by less prominent 

VCs enjoy greater performance than those affiliated with prominent VCs. 

Taken together, these results can be interpreted as follows.   On average, the 

financial market is capable of pricing the contributions of VC affiliations correctly.  

However, when venture-backed IPOs are large in size and glamorous in growth 
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prospects, the market seems to underappreciate the ability of less prominent VCs and 

undervalue their portfolio companies at the offering time. 

These results warrant further investigation in two directions.  First, are large 

discounts that public investors demand from less prominent VCs simply the risk 

premium for greater volatility of the performance?  Do IPOs backed by less prominent 

VCs have less predictable returns or greater chance of delisting?  Why is it the case 

only in large and high book-to-market IPOs? 

Second, what drives the success of these IPOs that were backed by these less 

prominent VCs?  A step to answer this question demands a tracking of experienced 

general partners who leave prominent VC firms to start their own new ones.  Suppose 

a general partner, after 15 years at Blackstone, decides to start on his own new firm.  If 

his experience plays a key role in creating large and glamorous IPOs, then his 

portfolio firms are likely to persistently flourish.  The long-run abnormal returns on 

his portfolio companies are simply due to an excessive discount on the lack of track 

records of the new VC firm that the financial market demands at the time of IPO. 

The implications of this chapter are as follows.  On one hand, public investors 

may be able to appreciate abnormal returns by following the trading strategy with a 

long position in large glamorous IPOs backed by less prominent VCs and a short 

position in the ones backed by more prominent VCs.  On the other hand, if the pricing 

of IPOs by less prominent VCs are consistently undervalued, adept VCs without track 

records will have to work hard longer until their prominence is established in order to  
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be fairly appreciated by the public market.



   

  

Table 1 Summary Statistics for All Venture-backed IPOs during 1980-1998. 

 

Panel A: Excess Returns 

Variables N Mean SD Min Med Max 

5-yr Buy-and-Hold Returns (BHAR) 1267 1.65 3.11 0 0.77 42.20 

NYSE/AMEX/NASDAQ (NAN) Benchmark 

NAN Benchmark 5-yr Returns 1277 2.00 0.50 0.79 1.95 3.28 

(BHAR+1/NAN Returns+1) 1275 0.90 1.01 0.25 0.60 13.31 

Adjusted Returns = 
log(BHAR+1/NAN Returns+1) 1275 -0.37 0.63 -1.39 -0.50 2.59 

5x5 Value-weighted Portfolio (VWBIN) Benchmark  

VWBIN Benchmark 5-yr Returns 1246 1.52 0.48 0.68 1.44 3.40 

(BHAR+1 / VWBIN Returns+1) 1244 1.06 1.16 0.27 0.71 14.41 

Adjusted Returns = log(BHAR+1 / 
VWBIN Returns+1) 1244 -0.20 0.63 -1.32 -0.34 2.67 
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Table 1 Summary Statistics for All Venture-backed IPOs during 1980-1998 
(continued.) 
 

 
Panel B: VC Prominence Proxies 

Variables N Mean SD Min Med Max 

No. of Companies 1238 98.47 100.87 1 65.50 772.00 

Total IPOs 1269 10.81 12.92 1 6.00 68.00 

Capital Raised (MM$) 1002 346.75 592.52 0 164.58 4417.94 

5-yr Fundraising Ability (%) 1002 0.01 0.01 0 0.00 0.10 

Log Distributions             

D1 = log(No.of Companies+1) 1238 4.06 1.17 0.69 4.20 6.65 

D2 = log(Total IPOs+1) 1269 2.00 0.95 0.69 1.95 4.23 

P1 = log(Capital Raised + 1) 1002 4.90 1.63 0 5.11 8.39 

P2 = log(5-yr Fundraising + 1) 1002 0.01 0.01 0 0.00 0.10 
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Table 1 Summary Statistics for All Venture-backed IPOs during 1980-1998 
(continued.) 
 

 

Panel C: IPO Characteristics 

Variables n Mean SD Min Med Max 

Age of Company 1134 8.99 8.56 0.3 6.70 92.00 

Underwriter Reputation 1106 6.73 2.58 1 8.10 9.10 

Market Capitalization (ME) (MM$) 1269 134 211 0 79 3418 

Market Capitalization (in 1984 
dollars) 1269 99 145 0 60 2130 

Book-to-market Ratios (BE/ME) 1269 0.33 0.22 0.002 0.28 2.79 

log(ME + 1) 1269 11.17 1.26 0 11.27 15.04 

log(BE/ME + 1) 1269 0.27 0.15 0.002 0.25 1.33 

 

Panel D: IPO Distributions 

IPO 

Year 1980 1981 1982 1983 1984 1985 1986 1987 1988 1989 1990 

n 22 54 22 115 43 34 86 62 31 36 36 

IPO 

Year 1991 1992 1993 1994 1995 1996 1997 1998     

n 88 84 93 87 112 145 73 46     

SIC 

Group 1 2 3 4 5 6 7 8 9 10 11 12 

n 7 13 56 13 18 568 35 2 104 289 16 148 

Others Internet Acquired Within 5 Years after IPO Total IPOs  

n 27 295 1288  
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Table 2:  Cross-section Analysis of 5-Year Buy-and-Hold Returns, Adjusted by 
NYSE/AMEX/NASDAQ Benchmark, including all IPOs in 1980-1998. 
 
The Dependent variable is the log of the 5-year benchmark-adjusted buy-and-hold returns:  
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where RPi,T is the value-weighted returns on all stocks traded on NYSE/AMEX/NASDAQ over the 
same time period as stock i.  I use standard linear least square regression.  All VC prominence proxies 
D1-P2 are also defined as log(1+raw measures).  Other firm characteristics are collected from 
CRSP/COMPUSTAT databases and are measured in millions $.  Underwriter reputation data is 
obtained from Arik Ben Dor.  The internet stock takes value one if the company is classified as an 
internet stock as defined on Jay Ritter’s website.  SIC group dummies have 12 groups as defined on 
Kenneth French’s website. 

 

 (1) (2) (3) (4) 

 D1 - No. of 

Companies 

D2 – Total 

IPOs 

P1 - Raised 

Capital 

P2 - 5-yr 

Fund 

Raising 

VC Prominence 

 0.015 

(0.94) 

0.026 

(1.39) 

-0.001 

(-0.04) 

-7.033 

(-1.60) 

log(BE/ME) 
-0.207 
(-1.61) 

-0.254** 
(-2.01) 

-0.304* 
(-1.86) 

0.117 
(0.39) 

Log(ME) 
0.053*** 
(3.34) 

0.048*** 
(3.07) 

0.062*** 
(3.39) 

0.106*** 
(3.40) 

Underwriter 
Reputation     

Acquired  within 5 
years  

0.200*** 
(4.67)  

0.183*** 
(3.79) 

0.058 
(0.77) 

Company Age     

Internet Stock    
0.429** 
(2.49) 

SIC Group    Yes 
SIC6 
only 

IPO Year  Yes Yes Yes Yes 

Adjusted R-Sq 0.047 0.062 0.065 0.063 

Observations 1235 1266 999 466 

 

*, **, *** mean statistical significance at levels 10%, 5%, and 1% respectively. 
T-statistics are reported in parentheses. 
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Table 3:  Cross-section Analysis of 5-Year Buy-and-Hold Returns, Adjusted by 5x5 
Portfolio Benchmark ranked by size and book-to-market, including all IPOs in 1980-
1998. 
 
The Dependent variable is the log of the 5-year benchmark-adjusted buy-and-hold returns: 
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where RPi,T is the value-weighted returns on 5x5 portfolio benchmark sorted by size and book-to-market 
over the same time period as stock i.  I use standard linear least square regression. All VC prominence 
proxies D1-P2 are also defined as log(1+raw measures).  Other firm characteristics are collected from 
CRSP/COMPUSTAT databases and are measured in millions $.  Underwriter reputation data is 
obtained from Arik Ben Dor.  The internet stock takes value one if the company is classified as an 
internet stock as defined on Jay Ritter’s website.  SIC group dummies have 12 groups as defined on 
Kenneth French’s website. 

 

 (1) (2) (3) (4) 

 D1 - No. of 

Companies 

D2 – Total 

IPOs 

P1 - 

Raised 

Capital 

P2 - 5-yr 

Fund 

Raising 

VC Prominence 

0.017 

(1.03) 

0.031 

(1.62) 

-0.004 

(-0.33) 

-8.061* 

(-1.81) 

log(BE/ME) 
-0.081*** 
(-2.71) 

-0.462*** 
(-3.58) 

-0.497*** 
(-2.98) 

-0.003 
(-0.01) 

Log(ME) 
0.027 
(1.58) 

0.020 
(1.19) 

0.036* 
(1.82) 

0.073** 
(2.30) 

Underwriter 
Reputation     

Acquired  within 5 
years  

0.201*** 
(4.61) 

0.190*** 
(3.84) 

0.074 
(0.96) 

Company Age     

Internet Stock    
0.442** 
(2.54) 

SIC Group     SIC6 only 

IPO Year  Yes Yes Yes Yes 

Adjusted R-Sq 0.010 0.030 0.032 0.018 

Observations 1217 1243 983 460 

 

*, **, *** mean statistical significance at levels 10%, 5%, and 1% respectively. 
T-statistics are reported in parentheses. 
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Table 4:  Cross-section Analysis of 5-Year Buy-and-Hold Returns, Adjusted by 5x5 
Portfolio Benchmark ranked by size and book-to-market, including all IPOs in 1980-
1998. 
 
The Dependent variable is the log of the 5-year benchmark-adjusted buy-and-hold returns: 
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where RPi,T is the value-weighted returns on 5x5 portfolio benchmark sorted by size and book-to-market 
over the same time period as stock i.  I use standard linear least square regression. All VC prominence 
proxies D1-P2 are also defined as log(1+raw measures).  Other firm characteristics are collected from 
CRSP/COMPUSTAT databases and are measured in millions $.  Underwriter reputation data is 
obtained from Arik Ben Dor.  The internet stock takes value one if the company is classified as an 
internet stock as defined on Jay Ritter’s website.  SIC group dummies have 12 groups as defined on 
Kenneth French’s website. 

 

 (1) (2) (3) (4) 

 D1 - No. of 

Companies 

D2 – Total 

IPOs 

P1 - 

Raised 

Capital 

P2 - 5-yr 

Fund 

Raising 

VC Prominence 

0.009 

(0.55) 

0.029 

(1.52) 

-0.004 

(-0.30) 

-1.893 

(-0.84) 

log(BE/ME) 
-0.432*** 
(-3.33) 

-0.441*** 
(-3.42) 

-0.476*** 
(-2.98) 

-0.473*** 
(-2.97) 

Log(ME) 
0.016 
(0.96) 

0.015 
(0.92) 

0.030 
(1.51) 

0.030 
(1.57) 

Acquired  within 5 
years 

0.198*** 
(4.48) 

0.197*** 
(4.53) 

0.179*** 
(3.66) 

0.179*** 
(3.67) 

Internet Stock 
0.374*** 
(2.96) 

0.366*** 
(2.90) 

0.404*** 
(3.07) 

0.403*** 
(3.07) 

IPO Year  Yes Yes Yes Yes 

Adjusted R-Sq 0.035 0.036 0.034 0.035 

Observations 1215 1243 983 983 

 

*, **, *** mean statistical significance at levels 10%, 5%, and 1% respectively. 
T-statistics are reported in parentheses. 
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Table 5:  Cross-section Analysis of 5-Year Buy-and-Hold Returns, Adjusted by 5x5 
Portfolio Benchmark ranked by size and book-to-market, including only IPOs with the 
market capitalizations (in constant dollars) above the median and the book-to-

market ratios below the median of all IPOs. 
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The Dependent variable is the log of the 5-year benchmark-adjusted buy-and-hold returns: 
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where RPi,T is the value-weighted returns on 5x5 portfolio benchmark sorted by size and book-to-market 
over the same time period as stock i.  I use standard linear least square regression. All VC prominence 
proxies D1-P2 are also defined as log(1+raw measures).  Other firm characteristics are collected from 
CRSP/COMPUSTAT databases and are measured in millions $.  Underwriter reputation data is 
obtained from Arik Ben Dor.  The internet stock takes value one if the company is classified as an 
internet stock as defined on Jay Ritter’s website.  SIC group dummies have 12 groups as defined on 
Kenneth French’s website. 

 

 (1) (2) (3) (4) 

 D1 - No. of 

Companies 

D2 – Total 

IPOs 

P1 - Raised 

Capital 

P2 - 5-yr 

Fund Raising 

VC Prominence 

0.009 

(0.25) 

-0.007 

(-0.18) 

-0.039 

(-1.38) 

-7.430 

(-1.49) 

log(BE/ME) 
0.182 
(0.27) 

0.230 
(0.35) 

0.014 
(0.02) 

0.014 
(0.02) 

Log(ME) 
-0.025 
(-0.44) 

-0.015 
(-0.26) 

0.009 
(0.14) 

0.006 
(0.10) 

Acquired  within 5 
years 

0.080 
(0.92) 

0.080 
(0.95) 

0.045 
(0.48) 

0.041 
(0.44) 

Internet Stock 
0.446** 
(2.54) 

0.446** 
(2.56) 

0.525*** 
(2.85) 

0.508*** 
(2.77) 

IPO Year  Yes Yes Yes Yes 

Adjusted R-Sq 0.018 0.018 0.016 0.017 

Observations 392 399 334 334 

 

*, **, *** mean statistical significance at levels 10%, 5%, and 1% respectively. 
T-statistics are reported in parentheses. 

 

ME 

B/M 
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Table 6:  Cross-section Analysis of 5-Year Buy-and-Hold Returns, Adjusted by 5x5 
Portfolio Benchmark ranked by size and book-to-market, including only IPOs with the 
market capitalizations (in constant dollars) in the largest tercile and the book-to-

market ratios in the smallest tercile. 

 

 

. 
 
The Dependent variable is the log of the 5-year benchmark-adjusted buy-and-hold returns: 
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where RPi,T is the value-weighted returns on 5x5 portfolio benchmark sorted by size and book-to-market 
over the same time period as stock i.  I use standard linear least square regression. All VC prominence 
proxies D1-P2 are also defined as log(1+raw measures).  Other firm characteristics are collected from 
CRSP/COMPUSTAT databases and are measured in millions $.  Underwriter reputation data is 
obtained from Arik Ben Dor.  The internet stock takes value one if the company is classified as an 
internet stock as defined on Jay Ritter’s website.  SIC group dummies have 12 groups as defined on 
Kenneth French’s website. 

 

 (1) (2) (3) (4) 

 D1 - No. of 

Companies 

D2 – Total 

IPOs 

P1 - Raised 

Capital 

P2 - 5-yr 

Fund Raising 

VC Prominence 

-0.083 

(-1.50) 

-0.130** 

(-2.35) 

-0.137*** 

(-3.52) 

-12.551 

(-1.60) 

log(BE/ME) 
-0.385 
(-0.29) 

-0.118 
(-0.09) 

-0.141 
(-0.10) 

-0.578 
(-0.39) 

Log(ME) 
0.018 
(0.19) 

0.035 
(0.40) 

0.058 
(0.58) 

0.047 
(0.45) 

Acquired  within 5 
years 

0.004 
(0.03) 

0.006 
(0.05) 

-0.000 
(-0.00) 

-0.014 
(-0.11) 

Internet Stock 
0.363* 
(1.71) 

0.361* 
(1.75) 

0.366* 
(1.68) 

0.296 
(1.31) 

IPO Year  Yes Yes Yes Yes 

Adjusted R-Sq 0.003 0.028 0.036 -0.030 

Observations 184 190 162 162 

 

*, **, *** mean statistical significance at levels 10%, 5%, and 1% respectively. 
T-statistics are reported in parentheses. 

 

ME 

B/M 
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Table 7:  Cross-section Analysis of 5-Year Buy-and-Hold Returns, Adjusted by 5x5 
Portfolio Benchmark ranked by size and book-to-market, including only IPOs with the 
market capitalizations (in constant dollars) in the largest quartile and the book-to-

market ratios in the smallest quartile. 

 

 

. 
 
The Dependent variable is the log of the 5-year benchmark-adjusted buy-and-hold returns: 
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where RPi,T is the value-weighted returns on 5x5 portfolio benchmark sorted by size and book-to-market 
over the same time period as stock i.  I use standard linear least square regression. All VC prominence 
proxies D1-P2 are also defined as log(1+raw measures).  Other firm characteristics are collected from 
CRSP/COMPUSTAT databases and are measured in millions $.  Underwriter reputation data is 
obtained from Arik Ben Dor.  The internet stock takes value one if the company is classified as an 
internet stock as defined on Jay Ritter’s website.  SIC group dummies have 12 groups as defined on 
Kenneth French’s website. 

 

 (1) (2) (3) (4) 

 D1 - No. of 

Companies 

D2 – Total 

IPOs 

P1 - 

Raised 

Capital 

P2 - 5-yr 

Fund 

Raising 

VC Prominence 

-0.098 

(-1.42) 

-0.177*** 

(-2.63) 

-0.172*** 

(-3.73) 

-19.187* 

(-1.84) 

log(BE/ME) 
-0.055 
(-0.03) 

0.292 
(0.18) 

-0.250 
(-0.13) 

-0.514 
(-0.26) 

Log(ME) 
0.033 
(0.28) 

0.058 
(0.52) 

0.098 
(0.76) 

0.079 
(0.58) 

Acquired  within 5 
years 

-0.059 
(-0.39) 

-0.058 
(-0.41) 

-0.092 
(-0.59) 

-0.091 
(-0.55) 

Internet Stock 
0.274 
(1.13) 

0.280 
(1.20) 

0.251 
(1.00) 

0.162 
(0.61) 

IPO Year  Yes Yes Yes Yes 

Adjusted R-Sq -0.001 0.041 0.050 -0.045 

Observations 140 146 121 121 

 

*, **, *** mean statistical significance at levels 10%, 5%, and 1% respectively. 
T-statistics are reported in parentheses. 

 

B/M 

ME 
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Table 8 Summary Statistics for All Venture-backed IPOs during 1980-1998 with the 

market capitalizations (in constant dollars) above the median and the book-to-

market ratios below the median of all IPO. 
 

 

Panel A: Excess Returns 

Variables n Mean SD Min Med Max 

5-yr Buy-and-Hold Returns (BHAR) 404 2.12 4.38 0 0.82 42.20 

5x5 Value-weighted Portfolio (VWBIN) Benchmark  

VWBIN Benchmark 5-yr Returns 400 1.60 0.51 0.69 1.57 3.40 

(BHAR+1 / VWBIN Returns+1) 400 1.19 1.49 0.29 0.74 14.41 

Adjusted Returns = log(BHAR+1 / 
VWBIN Returns+1) 400 -0.14 0.68 -1.24 -0.31 2.67 

Panel B: VC Prominence Proxies 

No. of Companies 397 111.32 105.20 1 72 690 

Total IPOs 404 12.21 14.31 1 6 67 

Capital Raised (MM$) 338 380.96 598.28 0 201.32 4417.9 

5-yr Fundraising Ability (%) 338 0.005 0.008 0 0.003 0.072 

Log Distributions             

(Age+1) 397 2.66 0.52 1.10 2.71 3.66 

D1 = log(No.of Companies+1) 397 4.24 1.10 0.69 4.29 6.54 

D2 = log(Total IPOs+1) 404 2.09 0.98 0.69 1.95 4.22 

P1 = log(Capital Raised + 1) 338 5.14 1.48 0 5.31 8.39 

P2 = log(5-yr Fundraising + 1) 338 0.005 0.008 0 0.003 0.069 

Panel C: IPO Characteristics 

Market Capitalization (ME) (MM$) 404 271 315 55 175 3418 

Market Capitalization (in 1984 
dollars) 404 197 212 60 130 2130 

Book-to-market Ratios (BE/ME) 404 0.18 0.07 0.01 0.18 0.28 

log(ME + 1) 404 12.21 0.69 10.91 12.07 15.04 

log(BE/ME + 1) 404 0.16 0.06 0.01 0.17 0.25 

ME 

B/M 
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Table 9 Summary Statistics for All Venture-backed IPOs during 1980-1998 with the 

market capitalizations (in constant dollars) in the largest tercile and the book-to-

market ratios in the smallest tercile. 
 

 

Panel A: Excess Returns 

Variables n Mean SD Min Med Max 

5-yr Buy-and-Hold Returns (BHAR) 195 2.12 4.92 0 0.76 42.20 

5x5 Value-weighted Portfolio (VWBIN) Benchmark  

VWBIN Benchmark 5-yr Returns 191 1.66 0.53 0.69 1.65 3.40 

(BHAR+1 / VWBIN Returns+1) 191 1.17 1.64 0.29 0.70 14.41 

Adjusted Returns = log(BHAR+1 / 
VWBIN Returns+1) 191 -0.19 0.68 -1.24 -0.35 2.67 

Panel B: VC Prominence Proxies 

No. of Companies 189 132.83 116.71 1 90 690 

Total IPOs 195 14.54 15.42 1 8 67 

Capital Raised (MM$) 166 481.58 763.72 0 243.16 4417.9 

5-yr Fundraising Ability (%) 166 0.006 0.008 0 0.003 0.044 

Log Distributions             

D1 = log(No.of Companies+1) 189 4.45 1.08 0.69 4.51 6.54 

D2 = log(Total IPOs+1) 195 2.27 1.00 0.69 2.20 4.22 

P1 = log(Capital Raised + 1) 166 5.28 1.60 0 5.50 8.39 

P2 = log(5-yr Fundraising + 1) 166 0.006 0.008 0 0.003 0.043 

Panel C: IPO Characteristics 

Market Capitalization (ME) (MM$) 195 378 377 88 270 3418 

Market Capitalization (in 1984 
dollars) 195 270 245 96 197 2130 

Book-to-market Ratios (BE/ME) 195 0.13 0.05 0.01 0.14 0.21 

log(ME + 1) 195 12.59 0.64 11.38 12.51 15.04 

log(BE/ME + 1) 195 0.12 0.05 0.01 0.13 0.19 

ME 

B/M 
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Table 10 Summary Statistics for All Venture-backed IPOs during 1980-1998 with 

the market capitalizations (in constant dollars) in the largest quartile and the book-

to-market ratios in the smallest quartile. 
 

 

Panel A: Excess Returns 

Variables n Mean SD Min Med Max 

5-yr Buy-and-Hold Returns (BHAR) 149 2.35 5.53 0 0.77 42.20 

5x5 Value-weighted Portfolio (VWBIN) Benchmark  

VWBIN Benchmark 5-yr Returns 147 1.66 0.53 0.72 1.64 3.40 

(BHAR+1 / VWBIN Returns+1) 147 1.25 1.84 0.32 0.70 14.41 

Adjusted Returns = log(BHAR+1 / 
VWBIN Returns+1) 147 -0.16 0.72 -1.12 -0.35 2.67 

Panel B: VC Prominence Proxies 

No. of Companies 143 131.0 110.3 1 98 690 

Total IPOs 149 14.2 14.7 1 8 67 

Capital Raised (MM$) 123 458.1 714.1 0 245.53 4417.9 

5-yr Fundraising Ability (%) 123 0.01 0.01 0 0.003 0.044 

Log Distributions             

D1 = log(No.of Companies+1) 143 4.45 1.09 0.69 4.60 6.54 

D2 = log(Total IPOs+1) 149 2.26 0.99 0.69 2.20 4.22 

P1 = log(Capital Raised + 1) 123 5.29 1.58 0 5.51 8.39 

P2 = log(5-yr Fundraising + 1) 123 0.01 0.01 0 0.003 0.043 

Panel C: IPO Characteristics 

Market Capitalization (ME) (MM$) 149 433 413 106 303 3418 

Market Capitalization (in 1984 
dollars) 149 307 266 108 215 2130 

Book-to-market Ratios (BE/ME) 149 0.12 0.05 0.01 0.12 0.19 

log(ME + 1) 149 12.74 0.63 11.57 12.62 15.04 

log(BE/ME + 1) 149 0.11 0.04 0.01 0.12 0.17 

B/M 

ME 



 

 47 

Table 11 – Panel A:  Time-series Regressions of Monthly Portfolio Returns on Fama-
French Three-Factor Model, including all IPOs in 1980-1998. 
 
For each IPO backed  by a VC with prominence in the upper group, I find matched IPO(s) that was 
backed by a VC in the lower prominent group.  The matching criteria include market capitalization, 
book-to-market ratio, and the IPO date.  In each month, I form PU an equal-weighted portfolio that 
contains the IPOs that were taken public by the prominent VC group within the past 5 years.  Then 
again in each corresponding month, for each stock in PU, I use the matched IPOs to form PL an equal-
weighted portfolio that contains the matched IPOs.  Then a zero-investment portfolio P is formed by a 
long position in PU and a short position PL.  The dependent variable is the monthly excess returns of 
portfolio P which is defined as: rP,t = rPU,t  - rPL,t.  The independent variables are: 1) rMkt,t – rf,t monthly 
excess return of the market portfolio over the risk-free return; 2) SMBt monthly excess return on a 
portfolio of small stocks over the return on a portfolio of large stockst; 3) HMLt monthly excess return 
on a portfolio of high book-to-market stocks over the return on a portfolio of low book-to-market 
stocks.  The Jensen’s alpha can be interpreted as the risk-adjusted relative performance of the IPOs 
affiliated with prominent VCs over the performance of the IPOs affiliated with less prominent VC. 

 

 (1) (2) (3) (4) 

 D1 - No. of 

Companies 

D2 – Total 

IPOs 

P1 - Raised 

Capital 

P2 - 5-yr 

Fund Raising 

Jensen's α 0.409 

(1.48) 

-0.013 

(-0.05) 

0.947* 

(1.93) 

-0.377 

(-1.17) 

rMkt - rf 
0.058 
(0.84) 

0.002 
(0.02) 

-0.154 
(-1.25) 

0.091 
(1.13) 

SMB 0.117 
(1.35) 

0.145* 
(1.65) 

0.086 
(0.55) 

-0.169  
(-1.64) 

HML 
-0.442*** 
(-4.30) 

-0.238** 
(-2.29) 

-0.491*** 
(-2.68) 

-0.121 
(-0.99) 

Adjusted R-Sq 0.137 0.046 0.026 0.010 

Observations 277 278 281 271 

 

*, **, *** mean statistical significance at levels 10%, 5%, and 1% respectively. 
T-statistics are reported in parentheses. 
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Table 11 – Panel B:  Time-series Regressions of Monthly Portfolio Returns on Fama-
French Three-Factor Model, including IPOs in 1980-1998 with the market 

capitalizations (in constant dollars) above the median and the book-to-market ratios 

below the median of all IPOs. 
 
 
 
 
For each IPO backed  by a VC with prominence in the upper group, I find matched IPO(s) that was 
backed by a VC in the lower prominent group.  The matching criteria include market capitalization, 
book-to-market ratio, and the IPO date.  In each month, I form PU an equal-weighted portfolio that 
contains the IPOs that were taken public by the prominent VC group within the past 5 years.  Then 
again in each corresponding month, for each stock in PU, I use the matched IPOs to form PL an equal-
weighted portfolio that contains the matched IPOs.  Then a zero-investment portfolio P is formed by a 
long position in PU and a short position PL.  The dependent variable is the monthly excess returns of 
portfolio P which is defined as: rP,t = rPU,t  - rPL,t.  The independent variables are: 1) rMkt,t – rf,t monthly 
excess return of the market portfolio over the risk-free return; 2) SMBt monthly excess return on a 
portfolio of small stocks over the return on a portfolio of large stockst; 3) HMLt monthly excess return 
on a portfolio of high book-to-market stocks over the return on a portfolio of low book-to-market 
stocks.  The Jensen’s alpha can be interpreted as the risk-adjusted relative performance of the IPOs 
affiliated with prominent VCs over the performance of the IPOs affiliated with less prominent VC. 

 

 (1) (2) (3) (4) 

 D1 - No. of 

Companies 

D2 – Total 

IPOs 

P1 - 

Raised 

Capital 

P2 - 5-yr 

Fund 

Raising 

Jensen's α 
0.476 

(1.14) 

0.361 

(0.93) 

0.468 

(1.00) 

-0.429 

(-1.17) 

rMkt - rf 
0.040 
(0.39) 

0.091 
(0.94) 

-0.095 
(-0.82) 

0.128 
(1.41) 

SMB 
0.015 
(0.11) 

-0.031 
(-0.25) 

0.065 
(0.44) 

-0.081 
(-0.69) 

HML 
-0.459*** 
(-2.91) 

-0.343** 
(-2.34) 

-0.329* 
(-1.87) 

0.122 
(0.88) 

Adjusted R-Sq 0.046 0.036 0.009 -0.000 

Observations 276 273 276 271 

 

*, **, *** mean statistical significance at levels 10%, 5%, and 1% respectively. 
T-statistics are reported in parentheses. 

 

ME 

B/M 
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Table 11 – Panel C:  Time-series Regressions of Monthly Portfolio Returns on Fama-
French Three-Factor Model, including IPOs in 1980-1998 with the market 

capitalizations (in constant dollars) in the largest tercile and the book-to-market 

ratios in the smallest tercile. 
 
 
 
 
For each IPO backed  by a VC with prominence in the upper group, I find matched IPO(s) that was 
backed by a VC in the lower prominent group.  The matching criteria include market capitalization, 
book-to-market ratio, and the IPO date.  In each month, I form PU an equal-weighted portfolio that 
contains the IPOs that were taken public by the prominent VC group within the past 5 years.  Then 
again in each corresponding month, for each stock in PU, I use the matched IPOs to form PL an equal-
weighted portfolio that contains the matched IPOs.  Then a zero-investment portfolio P is formed by a 
long position in PU and a short position PL.  The dependent variable is the monthly excess returns of 
portfolio P which is defined as: rP,t = rPU,t  - rPL,t.  The independent variables are: 1) rMkt,t – rf,t monthly 
excess return of the market portfolio over the risk-free return; 2) SMBt monthly excess return on a 
portfolio of small stocks over the return on a portfolio of large stockst; 3) HMLt monthly excess return 
on a portfolio of high book-to-market stocks over the return on a portfolio of low book-to-market 
stocks.  The Jensen’s alpha can be interpreted as the risk-adjusted relative performance of the IPOs 
affiliated with prominent VCs over the performance of the IPOs affiliated with less prominent VC. 

 

 (1) (2) (3) (4) 

 D1 - No. of 

Companies 

D2 – Total 

IPOs 

P1 - 

Raised 

Capital 

P2 - 5-yr 

Fund 

Raising 

Jensen's α 
-0.756 

(-1.35) 

-0.159 

(-0.30) 

-0.475 

(-0.77) 

-1.058* 

(-1.74) 

rMkt - rf 
0.141 
(1.02) 

0.148 
(1.14) 

-0.012 
(-0.08) 

0.208 
(1.38) 

SMB 
0.265 
(1.48) 

0.185 
(1.11) 

0.259 
(1.31) 

-0.134 
(-0.69) 

HML 
-0.069 
(-0.33) 

-0.065 
(-0.33) 

0.125 
(0.53) 

0.169 
(0.73) 

Adjusted R-Sq 0.012 0.008 -0.005 -0.001 

Observations 271 271 271 271 

 

*, **, *** mean statistical significance at levels 10%, 5%, and 1% respectively. 
T-statistics are reported in parentheses. 

 

ME 

B/M 
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Table 11 – Panel D:  Time-series Regressions of Monthly Portfolio Returns on Fama-
French Three-Factor Model, including IPOs in 1980-1998 with the market 

capitalizations (in constant dollars) in the largest quartile and the book-to-market 

ratios in the smallest quartile. 
 
 
 
 
For each IPO backed  by a VC with prominence in the upper group, I find matched IPO(s) that was 
backed by a VC in the lower prominent group.  The matching criteria include market capitalization, 
book-to-market ratio, and the IPO date.  In each month, I form PU an equal-weighted portfolio that 
contains the IPOs that were taken public by the prominent VC group within the past 5 years.  Then 
again in each corresponding month, for each stock in PU, I use the matched IPOs to form PL an equal-
weighted portfolio that contains the matched IPOs.  Then a zero-investment portfolio P is formed by a 
long position in PU and a short position PL.  The dependent variable is the monthly excess returns of 
portfolio P which is defined as: rP,t = rPU,t  - rPL,t.  The independent variables are: 1) rMkt,t – rf,t monthly 
excess return of the market portfolio over the risk-free return; 2) SMBt monthly excess return on a 
portfolio of small stocks over the return on a portfolio of large stockst; 3) HMLt monthly excess return 
on a portfolio of high book-to-market stocks over the return on a portfolio of low book-to-market 
stocks.  The Jensen’s alpha can be interpreted as the risk-adjusted relative performance of the IPOs 
affiliated with prominent VCs over the performance of the IPOs affiliated with less prominent VC. 

 

 (1) (2) (3) (4) 

 D1 - No. of 

Companies 

D2 – Total 

IPOs 

P1 - 

Raised 

Capital 

P2 - 5-yr 

Fund 

Raising 

Jensen's α 
-1.742*** 

(-2.63) 

-1.845** 

(-2.89) 

-1.660** 

(-1.47) 

-1.250* 

(-1.91) 

rMkt - rf 
0.114 
(0.69) 

0.275* 
(1.73) 

-0.008 
(-0.04) 

0.214 
(1.32) 

SMB 
0.331 
(1.56) 

0.922 
(0.45) 

0.253 
(1.11) 

0.004 
(0.02) 

HML 
0.288 
(1.15) 

0.190 
(0.79) 

0.368 
(1.37) 

0.374 
(1.50) 

Adjusted R-Sq -0.001 0.001 -0.001 -0.000 

Observations 271 271 271 271 

 

*, **, *** mean statistical significance at levels 10%, 5%, and 1% respectively. 
T-statistics are reported in parentheses. 

 

B/M 

ME 
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Table 12 – Panel A (Dependent variable = rPU,t  - rf,t):  Time-series Regressions of 
Monthly Portfolio Returns on Fama-French Three-Factor Model, including IPOs in 
1980-1998 with the market capitalizations (in constant dollars) in the largest 

quartile and the book-to-market ratios in the smallest quartile. 
 
 
 
 
For each IPO backed  by a VC with prominence in the upper group, I find matched IPO(s) that was 
backed by a VC in the lower prominent group.  The matching criteria include market capitalization, 
book-to-market ratio, and the IPO date.  In each month, I form PU an equal-weighted portfolio that 
contains the IPOs that were taken public by the prominent VC group within the past 5 years.  Then 
again in each corresponding month, for each stock in PU, I use the matched IPOs to form PL an equal-
weighted portfolio that contains the matched IPOs.  Then a zero-investment portfolio P is formed by a 
long position in PU and a short position PL.  The dependent variable is the monthly excess returns of 
portfolio P which is defined as: rP,t = rPU,t  - rPL,t.  The independent variables are: 1) rMkt,t – rf,t monthly 
excess return of the market portfolio over the risk-free return; 2) SMBt monthly excess return on a 
portfolio of small stocks over the return on a portfolio of large stockst; 3) HMLt monthly excess return 
on a portfolio of high book-to-market stocks over the return on a portfolio of low book-to-market 
stocks.  The Jensen’s alpha can be interpreted as the risk-adjusted relative performance of the IPOs 
affiliated with prominent VCs over the performance of the IPOs affiliated with less prominent VC. 

 

 (1) (2) (3) (4) 

 D1 - No. of 

Companies 

D2 – Total 

IPOs 

P1 - 

Raised 

Capital 

P2 - 5-yr 

Fund 

Raising 

Jensen's α 
-0.014 

(-0.03) 

0.103 

(0.21) 

0.145 

(0.32) 

0.382 

(0.84) 

rMkt - rf 
1.510*** 
(13.48) 

1.508*** 
(12.60) 

1.433*** 
(12.56) 

1.578*** 
(14.05) 

SMB 
1.013*** 
(7.00) 

0.930*** 
(6.02) 

0.971*** 
(6.59) 

0.846*** 
(5.83) 

HML 
-0.947*** 
(-5.53) 

-1.062*** 
(-5.80) 

-1.024*** 
(-5.86) 

-0.977*** 
(-5.69) 

Adjusted R-Sq 0.678 0.655 0.662 0.679 

Observations 271 271 271 271 

 

*, **, *** mean statistical significance at levels 10%, 5%, and 1% respectively. 
T-statistics are reported in parentheses. 

 

B/M 

ME 
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Table 12 – Panel B (Dependent variable = rPL,t  - rf,t):  Time-series Regressions of 
Monthly Portfolio Returns on Fama-French Three-Factor Model, including IPOs in 
1980-1998 with the market capitalizations (in constant dollars) in the largest 

quartile and the book-to-market ratios in the smallest quartile. 
 
 
 
 
For each IPO backed  by a VC with prominence in the upper group, I find matched IPO(s) that was 
backed by a VC in the lower prominent group.  The matching criteria include market capitalization, 
book-to-market ratio, and the IPO date.  In each month, I form PU an equal-weighted portfolio that 
contains the IPOs that were taken public by the prominent VC group within the past 5 years.  Then 
again in each corresponding month, for each stock in PU, I use the matched IPOs to form PL an equal-
weighted portfolio that contains the matched IPOs.  Then a zero-investment portfolio P is formed by a 
long position in PU and a short position PL.  The dependent variable is the monthly excess returns of 
portfolio P which is defined as: rP,t = rPU,t  - rPL,t.  The independent variables are: 1) rMkt,t – rf,t monthly 
excess return of the market portfolio over the risk-free return; 2) SMBt monthly excess return on a 
portfolio of small stocks over the return on a portfolio of large stockst; 3) HMLt monthly excess return 
on a portfolio of high book-to-market stocks over the return on a portfolio of low book-to-market 
stocks.  The Jensen’s alpha can be interpreted as the risk-adjusted relative performance of the IPOs 
affiliated with prominent VCs over the performance of the IPOs affiliated with less prominent VC. 

 

 (1) (2) (3) (4) 

 D1 - No. of 

Companies 

D2 – Total 

IPOs 

P1 - 

Raised 

Capital 

P2 - 5-yr 

Fund 

Raising 

Jensen's α 
1.728*** 

(2.84) 

1.950*** 

(3.37) 

1.805*** 

(2.71) 

1.631** 

(2.56) 

rMkt - rf 
1.396*** 
(9.26) 

1.233*** 
(8.61) 

1.441*** 
(8.73) 

1.363*** 
(8.63) 

SMB 
0.681*** 
(3.50) 

0.838*** 
(4.53) 

0.718*** 
(3.37) 

0.841*** 
(4.12) 

HML 
-1.236*** 
(-5.35) 

-1.252*** 
(-5.71) 

-1.392*** 
(-5.51) 

-1.351*** 
(-5.59) 

Adjusted R-Sq 0.522 0.532 0.509 0.679 

Observations 271 271 271 271 

 

*, **, *** mean statistical significance at levels 10%, 5%, and 1% respectively. 
T-statistics are reported in parentheses. 

 

B/M 

ME 
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Table 12 – Panel C (Dependent variable = rPU,t  - rPL,t):  Time-series Regressions of 
Monthly Portfolio Returns on Fama-French Three-Factor Model, including IPOs in 
1980-1998 with the market capitalizations (in constant dollars) in the largest 

quartile and the book-to-market ratios in the smallest quartile. 
 
 
 
 
For each IPO backed  by a VC with prominence in the upper group, I find matched IPO(s) that was 
backed by a VC in the lower prominent group.  The matching criteria include market capitalization, 
book-to-market ratio, and the IPO date.  In each month, I form PU an equal-weighted portfolio that 
contains the IPOs that were taken public by the prominent VC group within the past 5 years.  Then 
again in each corresponding month, for each stock in PU, I use the matched IPOs to form PL an equal-
weighted portfolio that contains the matched IPOs.  Then a zero-investment portfolio P is formed by a 
long position in PU and a short position PL.  The dependent variable is the monthly excess returns of 
portfolio P which is defined as: rP,t = rPU,t  - rPL,t.  The independent variables are: 1) rMkt,t – rf,t monthly 
excess return of the market portfolio over the risk-free return; 2) SMBt monthly excess return on a 
portfolio of small stocks over the return on a portfolio of large stockst; 3) HMLt monthly excess return 
on a portfolio of high book-to-market stocks over the return on a portfolio of low book-to-market 
stocks.  The Jensen’s alpha can be interpreted as the risk-adjusted relative performance of the IPOs 
affiliated with prominent VCs over the performance of the IPOs affiliated with less prominent VC. 

 

 (1) (2) (3) (4) 

 D1 - No. of 

Companies 

D2 – Total 

IPOs 

P1 - 

Raised 

Capital 

P2 - 5-yr 

Fund 

Raising 

Jensen's α 
-1.742*** 

(-2.63) 

-1.845** 

(-2.89) 

-1.660** 

(-1.47) 

-1.250* 

(-1.91) 

rMkt - rf 
0.114 
(0.69) 

0.275* 
(1.73) 

-0.008 
(-0.04) 

0.214 
(1.32) 

SMB 
0.331 
(1.56) 

0.922 
(0.45) 

0.253 
(1.11) 

0.004 
(0.02) 

HML 
0.288 
(1.15) 

0.190 
(0.79) 

0.368 
(1.37) 

0.374 
(1.50) 

Adjusted R-Sq -0.001 0.001 -0.001 -0.000 

Observations 271 271 271 271 

 

*, **, *** mean statistical significance at levels 10%, 5%, and 1% respectively. 
T-statistics are reported in parentheses. 

 

 

B/M 

ME 
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APPENDIX 1 

Details of VC selection 

 

The pool of VCs includes only those that have taken at least one company 

public in the period 1980 – 1998 and in general only includes those that have been a 

lead VC. Since characteristics of the VCs change over time, I treat the same VC in 

different years as different observations.  However, if a VC takes more than one 

company public in a year, the VC is treated as one observation.  For example, if 

Venture X takes three companies public in two different years (say one IPO in 1990 

and two IPOs in 1995), Venture X is represented as two observations in the overall 

sample, one from each year.   

It is not always possible to determine the lead VC. In those cases, the 

characteristics of all the first round VC’s are averaged together and count as a single 

observation. This is true for all the proxies except D2 (the total number of IPOs) and 

the total number of IPOs in SIC (not reported). These two proxies are set to the 

highest values within the first round VCs. 

Table 1 provides summary statistics for all the VC prominence proxies.  We 

see that all proxies are very negatively skewed.  This reflects the fact that VCs tend to 

be long-lived and that new are VCs entering the industry each year. 



   

  

APPENDIX 2 

Details of Matching Methodology 

 

As mentioned previously, the main idea of matching is to divide the sample 

into halves along the variable of interest, and to match firms in the upper half with 

firms in the lower half based upon the parameters of market cap, book to market and 

IPO date. 

The first step in matching is to divide the sample of IPO companies into an 

upper and lower half, where the cut-off is determined by the median value of the 

variable of interest. The next step is to match each of the firms in the upper half to 

one in the lower half. One cannot expect to find an exact match, so one defines 

acceptable windows – small enough to obtain legitimate matching yet large enough to 

generate sufficient numbers of matched pairs to obtain statistically useful results. The 

window for the IPO date was chosen to be a constant plus or minus 270 days. The 

windows for the market cap (ME) and book to market (BE/ME) were based on the 

natural logarithm of the upper half firm’s values and were initially set to log(ME) ± 

0.1 and log(BE/ME) ± 0.02. If no match was found the windows were increased over 

up to 20 rounds to log(ME) ± 1.3 and log(BE/ME) ± 0.08. Table A1 shows the 

window sizes for the various rounds. 
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Of course, more than one matching firm may be found for a given round and 

one then has to choose the firm with the best fit. Ranking was done by first 

normalizing each of the windows to [-1,1] and calculating the position of the 

matching firm along the normalized windows. A score for each matching firm was 

determined by summing the absolute value of each of the positions along the three 

dimensions of log(ME), log(BE/ME) and IPO date. The lower the score, the better the 

fit. 

Another problem to consider is the one of delisting. Firms merge and go 

bankrupt and are therefore no longer available for study. This can occur for both 

firms in the upper half, the Ui’s and their matched pairs in the lower half, the Li’s. 

Since the study is based on 5 year stock returns, ideally, one would want the matching 

stock to track the “upper half” stock over its lifetime up or up to the end of the 5 year 

period from the IPO date of the upper half firm. Should the best match delist early, it 

will then be necessary to use the next best match and so on should the second best 

match also delist early. If matching firms cannot be found to span the study time of 

Ui, (the smaller of the lifetime of Ui or 5 years beyond the IPO date of Ui), Ui will be 

dropped. 

The process then is as follows. Select a firm, U1 from the upper half. Set the 

matching windows to the round 1 values. Find matching companies from the lower 

half. If there are none, increase the windows to the round 2 sizes. If there are, rank 

them according to fit L1
11, L

1
12, L

1
13, etc.  Next test the first round matching 
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companies for delisting to see whether they span the study time of U1. If they do, 

select a new firm U2 and repeat. If no, increase the window sizes to round 2 values 

and find more matching companies. If there are none, go to round 3. If yes, rank 

them, say L1
21 and L

1
22, and test them for delisting. Continue the process for up to 20 

rounds to find matches for U1
 that span the U

1 period, after which point give up and 

select a new firm U2. Continue similarly for all companies Ui in the upper half. 
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Table A1 Matching Windows 

 

Round ME BE/ME IPO Date 

1 0.1 0.02 270 

2 0.4 0.02 270 

3 0.7 0.02 270 

4 1.0 0.02 270 

5 1.3 0.02 270 

6 0.1 0.04 270 

7 0.4 0.04 270 

8 0.7 0.04 270 

9 1.0 0.04 270 

10 1.3 0.04 270 

11 0.1 0.06 270 

12 0.4 0.06 270 

13 0.7 0.06 270 

14 1.0 0.06 270 

15 1.3 0.06 270 

16 0.1 0.08 270 

17 0.4 0.08 270 

18 0.7 0.08 270 

19 1.0 0.08 270 

20 1.3 0.08 270 
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Table A2 Matching Summary  

 
Panel A: All IPOs 

Variable n Upper Group Lower Group 

D1 - No. of Companies 1246 726 520 

D2 - Total IPOs 1277 633 644 

P1 - Raised Capital 1009 520 489 

P2 - 5-yr Fund Raising 1009 509 500 

 
 

Panel B: IPOs with ME above the median and BE/ME below the median 
Variable n Upper Group Lower Group 

D1 - No. of Companies 395 259 136 

D2 - Total IPOs 402 206 196 

P1 - Raised Capital 336 193 143 

P2 - 5-yr Fund Raising 336 191 145 

 
 

Panel C: IPOs with ME in top tercile and BE/ME in bottom tercile 
Variable n Upper Group Lower Group 

D1 - No. of Companies 189 105 37 

D2 - Total IPOs 195 85 63 

P1 - Raised Capital 166 78 44 

P2 - 5-yr Fund Raising 166 71 51 
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Table A2 Matching Summary  (continued) 

 
Panel D: IPOs with ME in top quartile and BE/ME in bottom quartile 

Variable n Upper Group Lower Group 

D1 - No. of Companies 142 105 37 

D2 - Total IPOs 148 85 63 

P1 - Raised Capital 122 78 44 

P2 - 5-yr Fund Raising 122 71 51 

 


